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Figure 1. (left) Structure of a tyrosine kinase domain with different subdomains colored; see labels on
legends in middle and right panels. The structure derived from the epidermal growth factor receptor
tyrosine kinase (PDB ID: 2GS2). The nucleotide binding loop (p-loop), aC helix, activation loop (A loop),
and the catalytic loop (C loop) are highlighted. (middle) Histograms of number of clinically observed
cancer mutations in kinase domains constructed from COSMIC (version v87, 2018); here each count is H*, Patil K* et al. [in preparation].
an observation in one patient. (right) Histograms of number of amino acids mutated in the kinase domain
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